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Abstract

The strong effects of descriptive normative feedback (“how you compare to others”) on
an individual’s electricity consumption have been documented in the IS literature. Here,
we extend prior research on reference group effects (“whom to compare with”) by
defining the relevance of the reference group in terms of similarity in contextual factors
as opposed to personal characteristics. Specifically, we manipulate the spatial
proximity of reference groups and test whether population density moderates the effects
of feedback. In a field study with 560 energy customers, we find that reference groups
that are close in terms of geographical proximity are more effective than more distant
groups. However, population density does not moderate this effect. Designers of green
information systems should therefore use reference groups that are close to the energy
consumer with regard to geographical proximity, but they do not need to tailor the
intervention to the energy consumer’s location.
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Green IS and Sustainability

Introduction

Energy supply is a key challenge of our society. Due to growing populations, increasing incomes and the
industrialization of developing countries, the world primary energy consumption is expected to increase
annually by 1.6% (BP 2011). One of the most promising and cost-efficient means to counter this upward
trend is to improve energy efficiency. The European Commission regards energy efficiency as “Europe’s
biggest resource”. Similarly, the U.S. secretary of Energy, Steven Chu, states that “energy efficiency isn’t
just a low hanging fruit; it’s just fruit lying around” (Charles 2009). A recent report found that households
and businesses could reduce energy consumption by 23% from baseline and thus earn $1.2 trillion at an
upfront cost of $520 billion if they would make use of their end-use efficiency potentials by insulating
their house or by replacing old appliances through energy-efficient appliances, for example (Granade et al.
2009). In order to realize the efficiency potential, several policies have been introduced throughout the
US and Europe. The European Union, for example, is committed to save 20% of annual primary energy
consumption compared to projections (EC 2011). This saving target translates into obligations for public
sector, industry, utility companies, and residential energy consumers. In this context, green information
systems (Green IS) could contribute as powerful enablers to achieve the saving targets across stakeholders
because they allow for cost efficiently delivering large-scale and at the same time tailored energy efficiency
interventions. In this paper, we present an IT artifact that allows for motivating households to reduce
their energy consumption.

Related to corporate responsibility, technology is both a cause of the environmental burden (due to the
resources that need to be invested) and a potential solution (due to efficiency gains) (Watson 2010).
Under the concept of ‘Green IT, firms and researchers traditionally place a focus on information and
communication technologies as a cause of environmental concerns (Murugesan 2008). Research in this
area concentrates on hardware design and implementation issues, with the aim of improving energy
efficiency of data centers, minimizing the ecological footprint of IT, and reducing the impact of electronic
waste (Bengtsson & Agerfalk 2011; Dedrick 2010; Jenkin et al. 2011; Mithas et al. 2010). Recent
developments in Green IS research acknowledge that IT is not only part of the problem, but could also be
a potential solution to the problem of steadily increasing worldwide energy consumption. For example,
the efficiency of business processes can be improved by automation and by developing more sustainable
strategies by using decision support systems (Thambusamy & Salam 2010). We argue that Green IS can
also be used to motivate residential energy consumers to increase their energy efficiency.

While the improvement of energy efficiency at the organizational level has been the objective of numerous
studies in the realm of IS Research, the individual level has been largely overlooked. Only a few studies
address the application of Green IS for motivating energy consumers to be more energy efficient, although
it has been widely acknowledged that IT can have a positive influence on individual behavior and attitudes
(Froehlich et al. 2009; Grevet & Mankoff 2009; Holmes 2007). Very recently, some IS researchers have
employed the idea that individuals play an important role in realizing environmental sustainability
(Melville 2010). Addressing the individual level (i.e. households) to achieve the saving targets is extremely
important as households contribute to 20 to 30% of final energy use (EIA 2009). And due to growing
populations and incomes, residential energy consumption is expected to increase even further (OECD
2008). Increasing the energy efficiency of appliances alone will not be sufficient to stop this undesirable
trend. Energy consumers also need to change their behavior since they ultimately determine the energy
efficiency of technology in the way they operate it (Lutzenhiser 1993). Therefore, it is inevitable to address
human behavior with behavioral interventions.

Behavioral interventions can either change the context in which consumption decisions are made by, for
example, offering rewards that render pro-environmental choices more attractive (Steg & Vlek 20009;
Osterhus 1997) or by targeting an individual’s perceptions, preferences, and abilities to induce eco-
friendly behavior (Allen 1982; Poortinga 2003; Steg 2008; Steg & Vlek 2009).There is mixed evidence
about the role of behavioral interventions in promoting energy conservation. While some studies showed
that behavioral interventions are effective in motivating energy conservation, other studies found no
effects, negative effects for certain energy consumers, or unsustainable effects (see Table 1). Research on
social norm interventions, for example, demonstrate clearly that a behavioral intervention can be very
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powerful if designed in the right way, but can also backfire if people are told that they perform better than
others (Fischer 2008). To avoid negative effects, interventions need to be tailored to the specific
characteristics of the energy consumer and the situational conditions. For example, by considering the a
priori consumption levels of the energy consumers and thus providing them with different types of social
normative feedback, Schultz and colleagues were able to eliminate the boomerang effects of descriptive
normative feedback with regard to consumers with low consumption levels (Schultz et al. 2007).
Similarly, by considering the political views of energy consumers, energy efficiency campaigns increase
more strongly problem awareness of climate change (Schuldt et al. 2011) or engage more people in
participation (Costa & Kahn 2010). Hence, social norm interventions should be tailored to the targeted
individual to fully unfold their effects.

Table 1. Selective overview of energy feedback studies

Author(s) Intervention Resource | Sample Results

McClelland & Feedback Electricity | 101 families Feedback group saves 12%

Cook (1980)

Graham et al. Feedback Fuel 128 students | All conditions (monetary

(2011) feedback, environmental
feedback, both types)
reduce car use

Abrahamse et al. | Feedback, goal setting, | Energy 189 Feedback + goal setting +

(2007) information customers tailored information leads
to 5.1% savings

Schultz et al. Social normative Electricity | 290 Descriptive feedback leads

(2007) feedback households to increased consumption
for low users of electricity

Van Houwelingen | Feedback, Gas 325 families Low users of gas increased

& van Raij (1989) | goal setting their consumption during
the intervention

Van Dam et al. Social normative Electricity | 304 Initial savings cannot be

(2010) feedback participants sustained over the
medium-term

Haakana et al. Feedback, information | Electricity | 105 After 20 months,

(1997) households treatment effects have
diminished for all groups

However, to offer such tailored interventions, one must gather and process information. These processes
often do not scale well if they are being deployed over a large number of customers, as in the case of
personal energy audits, for example. Traditional intervention strategies suffer from the classical trade-off
between reach (i.e., “the ability to connect with a large number of actors” (Evans & Wurster 1999)) and
richness (i.e., “the ability of information to change understanding within a time interval” (Daft & Lengel
1986)). IS could provide a powerful solution to the problem as it enables large scale interventions and
personalization at the same time. A far-reaching development toward promoting tailored and large energy
conservation practices by means of Green IS is currently underway in the utility sectors where smart
electricity meters (smart meters) are gradually replacing the old electromechanical induction watt-hour
meters. Smart meters resemble sensor nodes and measure consumption data and feed it to a network at
high frequency (at intervals from seconds to months). By 2020, due to regulatory duties, 80% of all
households in Europe will be equipped with smart meters (Renner & Heinemann 2011). Information
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systems such as web portals or in-home displays that provide energy consumers with timely feedback on
their consumption will accompany the smart meter infrastructure to allow energy consumers to act upon
it and to change their behavior. However, the potential benefits of smart meters on energy efficiency can
only be achieved if the design of feedback systems is driven by empirically proven design guidelines.

Against the background that IS can deliver tailored energy efficiency interventions and will soon be
available to a large number of households, the goal of this paper is to develop a theory-informed IT
artifact to empirically test different reference frames for social normative feedback with regard to the
effects on electricity conservation. According to the framework of Zhang et al., the IT artifact under
consideration can be categorized as application content (Zhang et al. 2011). Our approach corresponds
closely with Baskerville’s specification of “design as research methodology” (Baskerville et al. 2011).
Specifically, we developed a web portal that was available to all customers of an Austrian utility company
and conducted an experiment with 560 participants and tracked their electricity consumption over six
weeks. We tested the effect of descriptive normative feedback with three different reference frames for
social comparison. Reference groups varied in geographical proximity to the energy consumer and in size
since these two variables are naturally linked to each other. Specifically, the consumer’s consumption was
either compared to his neighborhood’s average consumption, his region’s average consumption, or his
country’s average consumption. Furthermore, we tested the moderating effect of population density on
the intervention’s effects to be able to tailor the social norm intervention and ultimately achieve higher
savings. The results of this study have implications for policy makers, feedback systems designer, and
utility companies.

Theoretical Background

This section first presents prior research on IT artifacts that were built to influence energy consumption at
the individual level to highlight the state of art in this domain as well as research gaps. Thereafter, we
present theory on social norms and provide theoretical background on norm salience and the relevance of
reference groups in social normative feedback since these two factors determine the success of social
norm interventions and descriptive normative feedback in particular. Based on the theoretical
background and the outlined research gaps, the hypotheses that will be tested in this study are defined.

Information Systems as Enablers of Large Scale Social Norm Interventions

IS hold the potential to enable cost-efficient energy efficiency interventions with the aid of modern
technologies in data processing, personalization, and immediate feedback (Oinas-Kukkonen & Harjumaa
2009). They allow to address a large group of individuals with personalized interventions and thus help to
overcome the trade-off between reach and richness (Evans & Wurster 1999; Daft & Lengel 1986) that
many traditional energy efficiency interventions like energy audits suffer from. Despite its obvious
potential, there are only a few examples for IT artifacts that aim at influencing individual consumption
behavior. These artifacts are often developed based on social psychological theory, but do not formulate
testable hypotheses. Besides, evaluations are often restricted to small scale usability studies over a short
period of time. For example, Mankoff et al. (2010) developed an applet that sits on top of social networks
like facebook or MySpace and that tries to motivate people to taking green actions. The applet further
tracks progress and suggests new actions. For each action the CO2 and dollar impact are indicated. In a
study with 32 users over 3 weeks, the authors found that the applet actually motivated users to take more
green actions. Another IT artifact is Ubigreen (Froehlich et al. 2009), a tool that uses information from
various sensors and self-reported behavior to track and support green transportation habits. Feedback is
provided on the mobile phone with two different visualizations: One includes a polar bear sitting on a
sheet of ice which grows in size when green transportation behavior increases, and the other one contains
a tree that gets more green leaves and flowers when the user shows the desirable behavior. In a usability
study with 14 participants over 18 days the authors tested the preferences of the users regarding the
visualization but they did not assess the effect of the two different visualizations on behavior. An IT
artifact that was tested more rigorously is a web based tool presented by Benders et al. (2006). After
filling out a questionnaire on energy requirements in the household, the web tool provided users with
personalized saving tips and feedback on estimated energy savings. In an experiment with 190 users over
five months, the savings of the experiment group were compared to the savings of a control group that did
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not receive savings tips and feedback showing that the web tool achieved savings of 8.7%.

Recently, researchers have acknowledged that IS are not only capable of measuring energy consumption
and providing historical feedback, but also enable interventions that use social influence to change
people’s behavior. Based on the insight that individuals respond socially to computers (Reeves & Nass
1996; Fogg 2003) and that certain website features may establish a feeling or social presence (Short et al.
1976) several IT artifacts have been developed to provide people with the opportunity to compare or
compete with different social actors. For example, Ecolsland is an in-home display that aims at
motivating families to reduce their daily CO2 emissions by comparing each user with other family
members or other families (Shiraishi et al. 2009). Petersen et al. (2007) developed a data monitoring
system to provide dormitory residents with real-time feedback on their consumption and the performance
of other competing dorms. While these studies hint to the effectiveness of IS to support social norm
interventions, other researchers have used IT artifacts to systematically assess the effectiveness of
different kinds of social norm interventions. Petkov et al. (2011) stress the importance of choosing a
relevant reference subject for social normative feedback and states that normative feedback is only
effective if contextualized. Based on these assumptions, the authors developed an application called
EnergyWiz that compares a user’s energy consumption with the average performance of both efficient and
inefficient neighbors and adds a message of social approval based on their performance. The application
further allows one-on-one comparisons with friends and a ranking with similar users. Unfortunately, the
authors haven'’t tested the effects of the different social comparisons on energy consumption yet. Foster et
al. (2010) have developed a similar application, but tested it with regard to energy savings. They
developed a facebook application called Wattsup that visualizes the consumption data from the Watson
home energy monitor. The application included comparisons with friends as well as a ranking. In a
within-subjects experiment with eight households over 18 days it was tested whether households would
save more energy when they were provided with social features. The authors found that households saved
significantly more energy when the social features were enabled. Based on a taxonomy of dimensions of
social comparisons Grevet et al. (2010) developed a system called stepgreen.org which includes
comparisons with other individuals and with groups based on geographic location. The system was tested
in a competition with 24 participants over one month but the authors were not able to find significant
effects of the social features on environmental concern and actions taken to save energy.

The studies described above hint to the opportunity for IS research that traditionally combines
technological expertise with psychological theories (Lim et al. 2009). The authors developed the IT
artifacts and the different social comparison features based on theories from social psychology. However,
the studies were rather exploratory in nature and did not formulate testable hypotheses. Besides, the IT
artifacts were tested only with small groups and over a short period of time. To overcome these research
gaps, this paper presents an IT based artifact that is used by 10,700 real energy customers and that aims
at motivating energy conservation. We developed a web portal and conducted a randomized field-
experiment with 560 participants. Electricity consumption was tracked over six weeks. The hypotheses on
the effects of different reference frames in social normative feedback were derived from theory and
previous research on social norms and social ties.

Social Normative Influence on Energy Consumption

When choosing an adequate action in a given situation people’s cognitive capabilities of taking all relevant
information into account is limited. People are bounded in their rationality (Simon 1955). To deal with the
complexity and ambiguity of situations they have developed mental short-cuts or heuristics, that help
them to make not optimal, but satisficing decisions. One of those heuristics includes the authority of
others. That is, individuals often look to social norms to gain an accurate understanding of and effectively
respond to social situations (Cialdini 2001; Deutsch & Gerard 1955). This informational normative
influence is often referred to as descriptive norm (Cialdini et al. 1991). According to the ‘Focus Theory of
Normative Conduct’ by Cialdini et al. (1991) descriptive norms inform individuals about the typicality of a
specific behavior in a certain situation (the norm of ‘is’) and injunctive norms, a second type of social
norms, tell individuals whether this behavior is approved by significant others (the norm of ‘ought’). As
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social norms are known to be one of the most powerful determinants of behavior change, they have been
applied to change a wide range of behaviors including littering (Cialdini 2003), eating (McFerran et al.
2010), alcohol consumption (Lewis & Neighbors 2006), towel reuse (Goldstein et al. 2008), and energy
consumption (Schultz et al. 2007; Siero et al. 1996). Social norm interventions are based on the
assumption that individuals tend to overestimate the prevalence or typicality of undesirable behaviors and
that they use the perceived descriptive norm to make behavioral choices (Schultz et al. 2007). Thus, social
norm interventions try to reduce the prevalence of undesirable behavior by correcting the misperception
regarding the predominant descriptive norm. To build an effective social norm intervention, it is
important to choose a reference group that is relevant to the target group and to assure that the
descriptive norm is made salient (Cialdini et al. 1991; Kallgren et al. 2000; Suls et al. 2002). Both factors
determine norm adherence and are thus critical to an intervention’s success. We will discuss the two
aspects in the following.

To influence an individual in a specific situation, a norm needs to be salient. According to the “Theory of
Normative Conduct’, a norm must be focal for an individual at the time of behavior to influence an
individual’s behavior (Cialdini et al. 1991; Kallgren et al. 2000). Similarly, the ‘Theory of Social Impact’
(Latané 1981) states that the social impact of a group increases when the strength or salience of the
normative source is high. Unless norms are salient and in the focus of an individual’s attention, they
cannot enter the decision process to change potentially detrimental behaviors (Fischer 2008). Studies on
the salience of social norms have used priming techniques or spreading activation approaches to direct
the intention of an individual to a specific norm. For example, subjects in a study by Kallgren et al. (2000)
had to read diary passages that contained normative statements which differed in their conceptual
relatedness to the antilittering norm. The results showed that littering was only reduced when the salient
norm was related to littering. Similarly, Cialdini et al. (1991) manipulated the salience of the antilittering
norm by telling a confederate of the research team to either drop handbills in front of the subjects or to
pick up a handbill that was lying on the ground. The latter condition was meant to increase the salience of
the antilittering norm. In accordance with expectations, subjects littered less when the anti-littering norm
was activated by the confederate picking up the handbill. Related to energy consumption behavior, social
norms are made salient to the energy consumers by providing them with comparative consumption
feedback. This type of feedback compares an energy consumer’s consumption to that of other households
in the neighborhood, for example (Fischer 2008). Comparative feedback has proven to have a large
influence on energy consumption, that persists even after some months (e.g. Abrahamse et al. 2005;
Schultz et al. 2007; Siero et al. 1996).

The second factor that determines norm adherence and thus the effectiveness of social norm interventions
is the choice of the reference frame. Social norm interventions are based on the assumption that
individuals will take the behavior of their peers into account when making decisions. Since an individual’s
personal identity comprises several levels of social identity (think of concentric circles around the self),
there are multiple reference frames that can be used in social norm interventions (e.g., proximity,
demographic variables) (Brewer 1991). In any case, individuals will only orient themselves to the behavior
of the reference group when the group is relevant in some aspect to the individual. One important driver
of the attributed relevance to a group is the perceived similarity. ‘Social comparison theory’ stipulates that
people compare themselves to others to gain information for self-evaluation (Festinger 1954). These self-
evaluation can aim at evaluating one’s performance, ability, or opinion (Suls et al. 2002). Similar
comparison targets are claimed to be especially useful as they allow drawing conclusions from differences
in performance with regard to possible reasons. If the individual engages in a comparison with a person
that differs in numerous attributes from him, he wouldn’t know if a lower performance was caused by a
lower ability or by differences in other attributes such as age, weight, and gender (Martin et al. 2002).
However, Festinger did not specify the basis of similarity between the self and the comparison other
(Martin et al. 2002). In most studies, similarity is defined with regard to personal characteristics or ability
(Goldstein et al. 2008). Another theory that addresses the importance of similar others for social
influence is ‘Social learning theory’ (Bandura 1977). According to Bandura, individuals learn from the
observation of role models. One premise for social learning is the identification with the role model which
is enhanced when the role model is similar to the learning individual. Identification with the reference
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group or person is another factor that contributes to norm adherence (Goldstein et al. 2008). The
membership to a social group contributes to the individual’s social identity which forms an important part
of an individual’s self-concept according to the ‘Social identity theory’ by Tajfel and Turner (1986). It is
argued that people conform to the norms of a group that is perceived to be an important part of their
social identity and thus self-concept (Goldstein et al. 2008).

Both similarity and identity cannot only be interpreted in terms of personal attributes but also in terms of
contextual characteristics. For example, Aarts and Dijksterhuis (2003) showed that people lowered their
voice when they were confronted with pictures of a library where a situational norm of being silent is
automatically activated. Goldstein et al. (2008) found that local norms are sometimes more effective in
motivating people to show a certain behavior than global norms because the former may lead to
behavioral choices that are tailored to the individual’s specific situation. Larimer et al. (2001) found that
fraternity members are more likely to reduce their alcohol consumption if they are provided with
fraternity specific norms than more general norms on drinking behavior. The evidence suggests that social
comparative feedback should be more effective if the reference frame addresses social norms of a group
that is close in geographical proximity. However, since the reference frame in social comparative feedback
varies in geographical proximity and group size, it is also possible that group size is more relevant than
geographical proximity. Energy consumers could pay more attention to norms of large groups (if the
frame of reference is the country’s averaged energy consumption) than to norms of small groups (if the
neighborhood’s averaged performance is the frame of reference). In line with this, the ‘Theory of Social
Impact’ (Latané 1981) states that social impact is not only a function of strength and immediacy, but also
of the number of other people. However, in the context of energy consumption, we assume for two
reasons that comparative feedback with reference groups that are close in geographical proximity will be
more effective than more distant reference groups. First, the norms of close reference groups are more
salient to the energy consumer than the norms of more distant reference groups. Besides, close reference
groups are more relevant to the energy consumers than more distant groups because they share the same
geographical context. We hypothesize the following;:

Hi1: Reference groups that are close in geographical proximity lead to higher energy savings than
more distant reference groups.

We further assume that the influence of social normative feedback on energy consumption depends on the
environment of an individual. Specifically, we suggest that if an individual lives in a rural area he or she
should be more affected by social normative influence than someone who lives in an urban area. In rural
areas people live in very small cities where people have strong social relationships (social ties) in contrast
to urban areas (Lev-Wiesel 2003). Strong social ties between two individuals mean that they are close to
each other and interact frequently. Therefore, it should be important for individuals in rural areas who
have more close social relationships to conform to normative standards in order to be liked and accepted
(Aronson et al. 2009). Living in urban areas on the contrary is more anonymous and social ties amongst
residents in urban areas are weaker than amongst residents in more rural areas (Lev-Wiesel 2003).
Hence, it should be less relevant for individuals who live there to conform to the expectations and norms
of others. Research has shown that the characteristics of social networks affect many aspects of our lives
such as health behavior, social responsible behavior, and energy consumption. For example, Christakis
and colleagues (2007) found that the chance of an individual to become obese increases if a close friend is
obese, too. Centola (2010) conducted an experiment and assigned participants to a clustered-lattice
network structure (high number of locally redundant ties) or a random structure and tested in which
network health behavior spreads faster and further. They found that behavior spreads faster and further
when individuals receive multiple influence attempts via locally redundant ties. Brewer and Kramer
(1986) showed that people in large groups, where social ties are weaker, show less socially responsible or
altruistic behavior than people in small groups. In the energy context, research has shown that stronger
relationships between individuals in a social network can serve to improve energy saving behavior (Chen
et al. 2012). Chen and colleagues conducted a field study in a dorm over five months and provided
students with feedback on actual and past energy consumption. One group also received social feedback
on building level and a second group received social feedback on peer level. They found that students in
the last group saved most electricity. Based on survey data, they also found that strength and density of
social networks affect energy conservation. To conclude, the studies all show that behavior is affected by
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the characteristics of social relationships. Given that urbanity/rurality affects with whom and how we
interact, we expect that energy consumers in rural areas will be more influenced by social normative
feedback than energy consumers in urban areas. However, it is also possible that an individual’s
environment is not the key determinant for the development of social ties anymore. Due to the
widespread use of the internet and online social networks like facebook, individuals can easily build and
maintain social relationships over longer distances. Thus, they are not dependent on building social
relationships with others in their area. However, research shows that urbanity/ rurality significantly
affects social networks (Lev-Wiesel 2003). We hypothesize the following:

H2: The effect of close reference groups on energy savings is moderated by population density. That
is, energy consumers in rural areas will be more influenced by social normative feedback than
energy consumers in urban areas.

Empirical Study

Subjects and Design

Five hundred and sixty real energy customers of an Austrian utility company participated in this field
study. Participants indicated that on average three individuals were living in the households (SD = 1.45)
and that the houses were on average 126.8 sqm (SD = 57.59). The size of the cities where the participants
lived ranged between 265 and 42,300 inhabitants (Med = 7096), data was obtained from the regional
authorities of Vorarlberg). The study contained a one factorial between subjects design. We manipulated
the reference frame of the descriptive normative feedback and compared the participants either with the
averaged consumption of their neighbors, of people from their region (Vorarlberg), or with the averaged
consumption of people from their country (Austria). The participants were randomly assigned to the
experiment groups at the time of registration. After measuring the baseline consumption over two weeks
we tracked consumption for the following four weeks (April — May 2010). We excluded households that
did not provide information regarding the size of the household and/or their city (N = 73) because this
information was needed to provide adequate descriptive normative feedback. Besides, we excluded
households with electric heating systems and electric water heating systems (N = 142) from further
analysis because their consumption patterns were over-proportionally high. Furthermore, we excluded
both 2.5% at the lower and the upper end of the distribution (5% in total) from further analyses to guard
the analyses against outlier-biases (N=23). If the baseline measurement was an outlier, the whole dataset
from this household was discarded because a valid baseline is a prerequisite for the applied analytic
approach. This procedure resulted in a final sample of 322 households that serve as a basis for the
statistical analyses. An ANOVA shows that there were no statistical differences between the baseline
consumption levels of the three experiment groups (F(2,319) = .65, p = .524). Table 2 provides an
overview of the descriptive statistics of the subsamples.

Table 2. Overview of the subsamples used in the present study

Subsamples N M SD

Reference group: Neighbors 136 99.69 47.67
Reference group: Vorarlberg (region) 88 93.66 48.05
Reference group: Austria (country) 98 93.76 43.45

N = Sample size, M = Mean baseline consumption (in kilowatt hours), SD = Standard deviation (in
kilowatt hours)

Procedure

To test our hypotheses, we developed a web portal called “Velix” in cooperation with an Austrian utility
company that has about 120,000 residential energy customers. The web portal was designed to provide
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customers with feedback on their electricity consumption and to help them to conserve electricity by
providing energy saving tips. Velix served as the basis for an energy efficiency campaign that aimed at
raising awareness about electricity consumption and at preparing customers for the introduction of smart
meters. The underlying rationale for building this system was to create a behavioral intervention that uses
IS to cost-effectively address a large number of people and that is capable of providing users with different
kinds of feedback to rigorously evaluate their effectiveness on electricity consumption. The utility
company promoted the campaign via various channels, including the company’s customer magazine, ads
in printed and online newspapers, and billboards. As part of the campaign, customers were incentivized
for registering and transferring the readings of their electricity meter to the web portal. Since smart
meters were not available for data collection in the considered region of Austria, our approach used self-
reported meter readings. This allowed us for identifying the most effective reference frame for social norm
interventions even before smart meters are introduced to the residential customers. We applied multiple
strategies to assure a high validity of the data. First, we incorporated detailed graphical and textual
instructions about the location of the electricity meter and how to read it. Utility companies have used this
information for many years to support their customers, who read their electricity meters for billing
purposes. Second, we implemented algorithms that assessed the validity of the transferred electricity
meter readings. In addition, the meter readings were verified for a subset of the participants (N = 115)
based on official utility bills (r = .80, p < .01). Incentives to foster participation included a gift worth EUR
5 to EUR 10 (USD 6 to USD 12) for three meter readings, the opportunity to participate in a monthly
charity, and bonus points that could be traded for a number of energy-related products and services. All
participants of the study had equal access to the incentive system. Between April 15t, 2010 and December
318, 2011, a total of 10,700 users joined Velix and entered 319,169 meter readings. On average, visitors
spent 4.59 minutes per visit on the web portal. For the present study, 560 users were drawn from the total
number of users and randomly assigned to one of the experimental conditions.

After registration, users could participate in the “meter hunt”, a game-like explanation to find the
electricity meter and interpret its reading. If they already knew where their electricity meter is located and
were already familiar with the data format, they could skip this game. To facilitate frequent meter
readings, the users were provided with the possibility to set either an email or sms reminder. Upon
registration, users were randomly assigned to different groups. In this study, the participants received
descriptive normative feedback with different reference groups (neighbors vs. region vs. country). To
promote the web portal, users could also invite their friends and earn bonus points for sending out the
invitations. To increase knowledge and ability, we included saving tips and little tasks. One task for
example was called ‘meter sleep’ and required users to decrease their consumption close to zero. This task
should raise the awareness of the users about their standby consumption and help them to identify
possible energy guzzlers. The experience chain is depicted in Figure 1.
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Figure 1. Experience chain of Velix

The data that was used by the web portal originate from both the utility company and the user. The utility
company provided the consumption data that they used for billing purposes broken down on street level
so that the data could be used to provide the users with descriptive normative feedback with different
aggregation levels (neighborhood or region). Data on Austria’s average consumption was taken from
external resources. Besides, the energy saving tips were drawn from earlier energy efficiency campaigns
and edited by the advertising agency. The user provided the web portal with data on household
characteristics, address including streets, house number and city, personal characteristics, and meter
readings. During the experiment, user ID and data input (e.g., username and password, meter readings
with time stamps, and household characteristics, personal characteristics) were stored in a relational data
base. Based on the group assignment upon registration, the users were presented with different types of
feedback. To maintain control over the website, members of our research team programmed the entire
system.

Intervention

To calculate the electricity consumption for each user, the system uses the electricity meter readings that
are entered by the users. As soon as the user enters the meter reading for the second time and at least one
week after entering the first reading, the baseline consumption was calculated. The intervention started
immediately after the baseline consumption was measured. Electricity consumption was tracked over six
weeks, between April and May 2010. The three experiment groups were provided with descriptive
normative feedback which depicted a bar chart that compares the user’s consumption with either the
average consumption in the neighborhood (street level), the region, or the country (see Figure 2). If the
street comprehended less than four households, the users were assigned to the next higher aggregation
level (region) for reasons of privacy. In line with the procedure of Schultz et al. (2007) all users were also
provided with injunctive normative feedback on their energy consumption to prevent boomerang effects
of descriptive norms for energy consumers with low consumption levels. To indicate social approval, we
used the European energy efficiency scale that indicates the energy efficiency level of a household based
on consumption data and household characteristics. The scale ranges from A (high efficiency) to G (low
efficiency). In a previous study (Loock et al. 2011) we were able to replicate the effects found by Schultz et
al. (2007) showing that the efficiency scale is as effective as the smileys used by Schultz and colleagues to
indicate social approval. During the study, users were only participating in one experiment, and they had
not been previously assigned to another experiment. All customers were also provided with advice on how
to conserve electricity. Customers could use a customer-care-hotline, a contact form, and/or a forum to
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contact the utility company with questions regarding the feedback on energy consumption.

’ Your electricity consumption ‘ Your electricity consumption ' Your electricity consumption

Electricity consumption in your area Electricity consumption in your area Electricity consumption in your area
Change address = Change address »» Change address »»

Edit household characteristics:> Edit househald characteristics == Edit household characterjsticss>

Austria

How efficient is your household? How efficientis your household? How efficient is your household?

high efficiency high efficiency high cfficiency

low efficiency

low efficiency low efficiency

Figure 2. Descriptive normative feedback with different reference groups:
neighbors (left), region (middle), country (right)

Results

For each household, we collected up to five measurements (baseline plus four weeks of treatment), which
results in a repeated measurement structure of our data. Repeated measurements over time are usually
characterized by correlated error terms that follow an autoregressive pattern. That is, the shorter the
temporal distance between two measurements of one observational unit, the higher the correlation
between the error terms of these two observations. This data pattern violates the core assumption of
traditional statistical techniques as they require completely independent observations. If this complex
error structure is not considered in the analysis, a biased statistical test will be the consequence. Therefore
we apply a linear mixed-effect model using the Ime()-function that is available in the nlme package of the
R statistical software (Pinheiro et al. 2009) for all subsequent analyses. The three experimental conditions
were dummy-coded with the baseline measurement acting as the respective reference category. We
estimated two separate models; one for consumers who live in rural areas and one for those who live in
urban areas (based on a median split on city size). The savings Y of household i was modeled as follows:

Y= Xiﬁ + Ziu; + &i,

Yi was a 5 x 1 vector of the energy savings in kilowatt hours (kWh), X; was the 5 x 4 design matrix of the
independent variables (intercept, neighborhood reference, region reference, country reference),  was the
5 x 1 vector of the estimated fixed coefficients, Zi was the 5 x 1 design matrix of the random effect
(intercept), u;i was the 1 x 1 vector of the estimated random effects, and & was the 5 x 1 vector of the
residuals that were assumed to have a multivariate normal distribution with a mean of zero and a 5 x 5
variance-covariance-matrix Ri;, which had an AR(1) structure. For people in rural areas, the model
estimated that comparisons with the neighborhood (b = -7.78, p < .05) and with the region (b = -4.65, p <
.06) lead to significant and marginal significant savings, respectively, whereas comparisons with the
country (b = -2.36, p > .05) did not reduce energy consumption during the intervention. For people in
urban areas, the model estimated that neighborhood comparisons (b = -6.55, p < .05) and comparisons
with the region (b = -4.90, p < .05) lead to significant reductions in electricity consumption. Again, this
group did not reduce electricity consumption significantly when compared to the country (b = -1.27, p >
.05). The corresponding descriptive statistics are depicted in Figure 3. The results show that comparisons
with reference groups that are close in geographical proximity work better than more distant reference
groups. This effect is not moderated by population density.

Thirty Third International Conference on Information Systems, Orlando 2012 11



Green IS and Sustainability

o (]
=} =)
S Rural Area E Urban Area
g o_ g o_
E E
= =
2 2
2 4 g 4
g " g "
= =}
&) Q
: : -
& 77 = 77 —
g IR g
S _ £ T —
] E
2 —_— ]
= =}
S o S — S o 1 S
5 T 1 5 T
ko) o
=} =}
m 53]
=} vy = vy
s T T T 1 P T T T
o0 o0
g Country Region Neighborhood E Country Region Neighborhood
@) Q
Feedback Condition Feedback Condition
Figure 3. Average savings from baseline consumption (kWh) as a function of feedback
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Discussion

Summary of Main Findings

In this paper we described the development and implementation of an IT artifact that aimed at motivating
households to conserve energy. Specifically, we built a web portal that provided the customers of an
Austrian utility company with feedback on their electricity consumption and suggestions on how to
conserve energy. This platform was introduced in April 2010 and was used by over 10,000 customers. We
used the web portal to conduct an experiment with a subset of 560 customers that were randomly
assigned to different experimental conditions and tracked their electricity consumption over six weeks.
We tested the effect of three kinds of social normative feedback that differed in their reference frame. The
participants’ consumption was either compared to the averaged consumption of the neighborhood, the
region, or the country. Based on prior research from social psychology and Green IS we hypothesized that
reference groups that are close in terms of geographical proximity are more effective in motivating energy
conservation than reference groups that are less close. We were able to confirm that hypothesis.
Furthermore, we tested the moderating effect of population density (urban vs. rural area) on the
intervention’s effects to be able to provide tailored social norm interventions. We hypothesized that social
norms affect energy consumers in rural areas stronger than energy consumers in urban areas. We found
no statistically significant difference between the two groups.

Implications for Theory and Practice

Our findings allow for drawing a number of implications for both theory and practice. First of all, we
proved that social norm interventions are successful in motivating energy conservation. In contrast to
prior studies in the field of Green IS, we used a large sample of real energy customers and formulated
testable hypotheses based on theory from social psychology. We attribute the effectiveness of reference
groups that are close in geographical proximity to their higher relevance and salience to energy
consumers. This underlines that, in order to be effective, social normative feedback should use reference
groups that are relevant to the energy consumer in terms of contextual similarities (see Goldstein et al.
2008) and that are able to make the prevalent social norm salient to actually affect behavior. If these two
criteria for norm adherence are not met (e.g. comparisons with the country’s averaged performance)
social normative feedback does not have any effects on energy consumption. Although research on social
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ties in urban vs. rural areas would suggest that energy consumers in rural areas respond stronger to social
normative feedback than energy consumers in urban areas, we were not able to confirm this hypothesis.
There is however, a trend, that energy consumers who live in rural areas where social ties are usually
stronger than in urban areas are more affected by social normative feedback.

With regard to Green IS we showed that IS are successful in achieving energy savings at the individual
level. For Austria, feedback systems with neighborhood comparisons would achieve energy savings of 2.56
billion kilowatt hours, a reduction of CO2 emissions by 39701.51 tons, and monetary savings of 35.35
million Euro (44.28 million USD) assuming an adoption rate of 50% and a reversion of behavior by 50%.1
This shows that behavioral interventions are an effective strategy for increasing residential energy
efficiency. In addition, the results show that the design of energy feedback systems determines whether
energy savings can be achieved or not. If feedback systems would use the averaged performance of Austria
as a reference frame, they would not have achieved any savings at all. The choice of the reference frame
thus determines whether the system achieves the intended goal (“reduce energy consumption”). Hence, it
is important to consider user behavior in the design of IT-based efficiency campaigns. We suggest that
system designers use the neighborhood or region as reference frame for social normative feedback. Based
on our findings, it does not seem necessary to tailor the descriptive normative feedback to population
density.

Limitations and Further Research

Even though every effort has been made to ensure the validity of our findings, the present study comes
with limitations that provide opportunities for future research. A first limitation concerns a possible
selection bias. Although we used a large sample of customers in our experiment, we cannot rule out that
the voluntary participation of the customers creates a bias. Hence, the results of this study are not
representative for the whole population. The study offers insights into the effects of real campaigns by
showing the effects of social normative feedback for customers who are actually responsive to energy
efficiency campaigns. A second limitation includes the operationalization of population density. We
calculated a median split on city size, however, the area of Vorarlberg in Austria consists of a lot of very
small cities so that urban areas are strictly speaking still rather rural than urban. It is possible that effects
would be different if larger cities would have been considered. A third limitation includes our
experimental design which did not allow for disentangling the effects of geographical proximity and group
size. However, the tested reference frames represent natural units which are very easy to understand by
energy consumers. Future studies could use an experimental design that manipulates both factors
systematically. For example, the experiment could manipulate the relevance by providing comparisons
with similar vs. non-similar households and the salience by manipulating the closeness to the own house
in meters. Other possible avenues for future research include the investigation of criteria that are relevant
for tailoring descriptive normative feedback apart from population density or to test other factors that
might influence the perceived relevance of a reference group such as expert level, financial budget or value
orientation. We conclude that IS can be used to enable social norm interventions and that they thereby
contribute to solving environmental problems (Watson et al. 2008) if user behavior is considered in the
design.

Acknowledgements

We thank all reviewers for their valuable comments. We further thank Tobias Graml and our project
partner, the Illwerke VKW in Vorarlberg, Austria, who have all put a lot of effort in developing the energy
efficiency website.

1 The scenario is based on 3.65 million households in Austria, an average annual energy consumption of
3,500 kWh per household, average costs per kWh of 13.8 Euro cents, CO2 emissions of 155g per kWh, and
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Thirty Third International Conference on Information Systems, Orlando 2012 13



Green IS and Sustainability

References

Aarts, H., and Dijksterhuis, A. 2003. “The silence of the library: Environment, situational norm, and
social behavior,” Journal of Personality and Social Psychology (84:1), pp. 18-28.

Abrahamse, W., Steg, L., Vlek, C., and Rothengatter, T. 2005. “A review of intervention studies aimed at
household energy conservation,” Journal of Environmental Psychology (25:3), pp. 273-291.
Abrahamse, W., Steg, L., Vlek, C., and Rothengatter, T. 2007. "The Effect of Tailored Information, Goal
Setting, and Tailored Feedback on Household Energy Use, Energy-Related Behaviors, and

Behavioral Antecedents," Journal of Environmental Psychology (27:4), pp. 265-276

Allen, C. T. 1982. “Self-Perception Based Strategies for Stimulating Energy Conservation,” Journal of
Consumer Research (8:4), pp. 381-390.

Aronson, E., Wilson, T. D., and Akert, R. M. 2009. Social psychology (7t ed).Upper Saddle River, NJ:
Prentice Hall.

Bandura, A. 1977. “Social learning theory,” Contemporary Sociology (7:1), pp. 84-85.

Baskerville, R. L., Robinson, J. M., Georgia, A., Kaul, M., and Storey, V. C. 2011. “Unpacking the duality
od design science,” in Proceedings of the International Conference on Information Systems, D.
Galletta and T-P. Liang (eds.), Shanghai, China, pp. 1-15.

Benders, R. M. J., Kok, R., Moll, H. C., Wiersma, G., and Noorman, K. J. 2006. “New approaches for
household energy conservation—In search of personal household energy budgets and energy
reduction options,” Energy Policy (34:18), pp. 3612-3622.

Bengtsson, F., and Agerfalk, P. J. 2011. “Information technology as a change actant in sustainability
innovation: Insights from Uppsala,” The Journal of Strategic Information Systems, (20:1), pp. 96-
112.

BP 2011. BP Energy Outlook 2030.
http://www.bp.com/sectiongenericarticle.do?categoryld=9035979&contentld=7066648

Brewer, M. B., and Kramer, R. M. 1986. ,,Choice behavior in social dilemmas: Effects of social identity,
group size, and decision framing,” Journal of Personality and Social Psychology (50:3), pp. 543-
549.

Brewer, M. B. 1991. “The social self: On being the same and the different at the same time,” Personality
and Social Psychology Bulletin (17:5), pp. 475-482.

Centola, D. 2010. "The spread of behavior in an online social network experiment,” Science (329), pp.
1194-1197.

Charles, D. 2009. “Leaping the efficiency gap,” Science (325:5942), pp. 804-811.

Chen, J., Taylor, J. E., and Wei, H. 2012. “Modeling building occupant network energy consumption
decision-making: The interplay between network structure and conservation,” Energy and
Buildings (47), pp. 515-524.

Christakis, N. A. and Fowler, J. H. 2007. “The spread of obesity in a large social network over 32 years,”

The New England Journal of Medicine (357), pp. 370-379.

Cialdini, R. B. 2001. Influence: Science and Practice (3¢ ed). Boston, MA: Allyn and Bacon.

Cialdini, R. B. 2003. “Crafting normative messages to protect the environment,” Current Directions in
Psychological Science (12 :4), pp. 105-109.

Cialdini, R. B., Kallgren, C. A., and Reno, R. R. 1991. “A focus theory of normative conduct: A theoretical
refinement and reevaluation of the role of norms in human behavior,” Advances in Experimental
Social Psychology (24), pp. 201-234.

Costa, D. L., and Kahn, M. E. 2010. “Energy Conservation “Nudges” and Environmentalist Ideology:
Evidence from a Randomized Residential Electricity Field Experiment,” Working paper.

Daft, R. L., and Lengel, R. H. 1986. ,,Organizational Information Requirements, Media Richness and
Structural Design,” Management Science (32:5), pp. 554-571.

Dedrick, J. 2010. “Green IS: Concepts and Issues for Information Systems Research,” Communications of
the Association for Information Systems (27), pp. 173-184.

Deutsch, M., and Gerard, H. 1955. “Study of Normative and Informational Social Influences Upon
Individual Judgment,” Journal of Abnormal and Social Psychology (51:3), pp. 629-636.

EC 2011. Energieeffizienzplan 2011. European Commission, Brussels. http://eur-
lex.europa.eu/LexUriServ/LexUriServ.do?uri=COM:2011:0109:FIN:DE:PDF

EC 2000. Directive 97/66/EC of the European Parliament and of the Council. Official Journal of the
European Communities, L. 269(September 2000), pp. 1-15.

14 Thirty Third International Conference on Information Systems, Orlando 2012



Loock et al. / Reference group effects in social normative feedback

EIA. 2009. Annual Energy Review 2009, U.S. Energy Information Administration, Washington, DC,
http://www.eia.doe.gov/aer/pdf/aer.pdf

Evans, P., and Wurster, T. S. 1999. “Getting real about virtual commerce,” Harvard Business Review
(77:6), pp. 84-94.

Festinger, L. 1954. “A Theory of Social Comparison Processes,” Human Relations (7:2), pp. 117-140.

Fischer, C. 2008. “Feedback on household electricity consumption: A tool for saving energy?,” Energy
Efficiency (1:1), pp. 79-104.

Fogg, B.J. 2002. Persuasive Technology: Using Computers to Change What We Think and Do. San
Francisco, CA: Morgan Kaufmann Publishers.

Foster, D., Lawson, S., Blythe, M., and Cairns, P. 2010. “Wattsup? Motivating reductions in domestic
energy consumption using social networks,” in Proceedings of the 6th Nordic Conference on
Human-Computer Interaction, E. b. Hvannberg and M. K. Larusdéttir (eds.), Reykjavik, Iceland,
pp- 178-187.

Froehlich, J., Dillahunt, T., Klasnja, P., Mankoff, J., Consolvo, S., Harrison, B., and Landay, J.A. 2009.

“UbiGreen: Investigating a Mobile Tool for Tracking and Supporting Green Transportation Habits,
in Proceedings of CHI 2009, D.R. Olsen (ed.), Boston, MA, pp. 1-10.

Goldstein, N.J., Cialdini, R.B., and Griskevicius, V. 2008. “A Room with a Viewpoint: Using Social Norms
to Motivate Environmental Conservation in Hotels,” Journal of Consumer Research (35:3), pp. 472-
482.

Graham, J., Koo, M., and Wilson, T. D. 2011. "Conserving Energy by Inducing People to Drive Less,"
Journal of Applied Social Psychology (4:1), pp. 106-118.

Granade, H. C., Creyts, J., Derkach, A., Farese, P., Nyguist, S., and Ostrowski, K. 2009. Unlocking Energy
Efficiency in the U.S. Economy. McKinsey & Co Report.
http://www.mckinsey.com/Client_Service/Electric_Power_and_Natural_Gas/Latest_thinking/Un
locking_energy_efficiency_in_the_US_economy

Grevet, C., and Mankoff, J. (2009). Motivating Sustainable Behavior through Social Comparison on
Online Social Visualization. HCI conference 2009 (pp. 1-5). Retrieved from
http://www.cra.org/Activities/craw_archive/dmp/awards/2008/Grevet/report.pdf

Grevet, C., Mankoff, J., and Anderson, S.D. 2010. “Design and Evaluation of a Social Visualization Aimed
at Encouraging Sustainable Behavior,” in Proceedings of the 2010 43rd Hawaii International
Conference on System Sciences (HICSS '10). IEEE Computer Society, Washington, DC, pp. 1-8.

Haakana, M., Sillanp&3, L., and Talsi, M. 1997. “The effect of feedback and focused advice on household
energy consumption,” Paper presented at the Summer Study of the European Council for an Energy
Efficient Economy, 1997. Retrieved September 4th, 2012, from:
http://www.eceee.org/conference_proceedings/eceee/1997/Panel_4/p4_6

Holmes, T.G. 2007. “Eco-visualization: combining art and technology to reduce energy Consumption,” in
Proceedings of the 6th ACM SIGCHI Conference on Creativity & Cognition, Washington, D.C., pp.
153-162.

Jenkin, T.A., Webster, J., and McShane, L. 2011. “An Agenda for ‘Green’ Information Technology and
Systems Research,” Information and Organization (21:1), pp. 17-40.

Kallgren, C.A., Reno, R.R., and Cialdini, R.B. 2000. “A focus theory of normative conduct: When norms
do and do not affect behavior,” Personality and Social Psychology Bulletin (26), pp. 1002-1012.

Larimer, M. E., Turner, A. P., Anderson, B. K., Fader, J. S., Kilmer, J. R., Palmer, R. S., and Cronce, J. M.
2001. “Evaluating a brief alcohol intervention with fraternities,” Journal of Studies on Alcohol (62),
pp. 370-380.

Latané, B. 1981. “The psychology of social impact,” American Psychologist (36:4), pp. 343-356.

Lev-Wiesel, R. 2003. “Indicators constituting the construct of ‘ perceived community cohesion,”
Community Development Journal (38:4), pp. 332-343.

Lewis, M.A., and Neighbors, C. 2006. “Social norms approaches using descriptive drinking norms
education: A review of the research on personalized normative feedback,” Journal of American
College Health (54:4), pp. 213-218.

Lim, S., Saldanha, T., Malladi, S., and Melville, N.P. 2009. “Theories Used in Information Systems
Research: Identifying Theory Networks in Leading IS Journals,” in Proceedings of International
Conference on Information Systems, J. F. Nunamaker, and Currie, W. L. (eds.), Phoenix, AR, pp. 1-
11.

2

Thirty Third International Conference on Information Systems, Orlando 2012 15



Green IS and Sustainability

Loock, C., Staake, T., and Landwehr, J. 2011. “Green IS Design and Energy Conservation: An Empirical
Investigation of Social Normative Feedback,” in Proceedings of the International Conference on
Information Systems, D. Galletta, and Liang, T-P. (eds.), Shanghai, China, pp. 1-15.

Lutzenhiser, L. 1993. “Social and behavioral aspects of energy use,” Annual Review of Energy and
Environment (18), pp. 247-289.

Mankoff, J., Fussell, S. R., Glaves, R., Grevet, C., Johnson, M., Matthews, H. S., Mcguire, R., et al.

2010. “StepGreen.org(l: Increasing energy saving behaviors via social networks”, in Proceedings of
the Fourth International AAAI Conference on Weblogs and Social Media, M. Hearst (ed.), Menlo
Park, CA, pp. 1-8.

Martin, R., Suls, J., and Wheeler, L. 2002. “Ability evaluation by proxy: Role of maximal performance and
related attributes in social comparison,” Journal of Personality and Social Psychology (82:5), pp.
781-791.

McClelland, L. and Cook, S. W. 1980. "Promoting Energy Conservation in Master-Metered Apartments
through Group Financial Incentives," Journal of Applied Social Psychology (10). pp. 20-31.

McFerran, B., Dahl, D. W., Fitzsimons, G. J., and Morales, A. C. 2010. “I'll Have What She’s Having:
Effects of Social Influence and Body Type on the Food Choices of Others,” Journal of Consumer
Research (36:6), pp. 915-929.

Melville, N.P. 2010. “Information Systems Innovation for Environmental Sustainability,” MIS Quarterly
(34:1), pp. 1-21.

Mithas, S., Khuntia, J., and Roy, P.K. 2010. "Green Information Technology, Energy Efficiency, and
Profits: Evidence from an Emerging Economy,” in Proceedings of International Conference on
Information Systems, R. Sabherwal, and M.Sumner (eds.), St. Louis, MO, pp. 1-20.

Murugesan, S. 2008. “Harnessing Green IT: Principles and Practices,” IT Professional (10:1), pp. 24-33.

OECD 2008. Household Behaviour and the Environment. Reviewing the Evidence. Communities.
Organization for Economic Co-operation and Development.

Oinas-Kukkonen, H., and Harjumaa, M. 2009. “Persuasive systems design: Key issues, process model,
and system features,” Communication of the Association for Information Systems (24), pp. 485-
500.

Osterhus T. L. 1997. "Pro-Social Consumer Influence Strategies: When and How Do They Work?," The

Journal of Marketing (61:4), pp. 16-29.

Petersen, J. E., Shunturov, V., Janda, K., Platt, G., and Weinberger, K. 2007. ,Dormitory residents reduce
electricity consumption when exposed to real-time visual feedback and incentives,” International
Journal of Sustainability in Higher Education (8:1), pp. 16-33.

Petkov, P., Krcmar, H., Foth, M., Informatics, U., and Medland, R. 2011. “Engaging Energy Saving
through Motivation-Specific Social Comparison,” Human Factors (May), pp. 1945-1950.

Pinheiro, J., Bates, D., DebRoy, S., Sarkar, D., and Team, T. R. C. 2009. nlme: Linear and Nonlinear
Mixed Effects Models. R package version. http://CRAN.R-project.org/package=nlme. Retrieved
from
http://scholar.google.com/scholar?start=10&q=mixed+effects+model&hl=en&as_sdt=2000#8

Poortinga, W. 2003. “Household preferences for energy-saving measures: A conjoint analysis,” Journal of
Economic Psychology (24:1), pp. 49-64.

Reeves, B., and Nass, C. 2003. The Media Equation —How People Treat Computers, Television, and New
Media Like Real People and Places. Stanford, CA: CSLI Publications.

Renner, S., and Heinemann, C. 2011. European Smart Metering Landscape Report.
http://www.smartregions.net/default.asp?SivulD=26927

Schuldt, J. P., Konrath, S. H., and Schwarz, N. 2011. “Global warming” or “climate change”?: Whether the
planet is warming depends on question wording,” Public Opinion Quarterly (75:1), pp. 115-124.

Schultz, P.W., Nolan, J.M., Cialdini, R.B., Goldstein, N.J., and Griskevicius, V. 2007. “The constructive,
destructive, and reconstructive power of social norms,” Psychological Science (18:5), pp. 429-434.

Shiraishi, M., Washio, Y., Takayama, C., Lehdonvirta, V., Kimura, H., and Nakajima, T. 2009. “Using
individual, social and economic persuasion techniques to reduce CO 2 emissions in a family setting,”
in Proceedings of 4th International Conference on Persuasive Technology (PERSUASIVE'2009), S.
Chatterjee, and P. Dev (eds.), Claremont, CA, pp. 1-8.

Short, J., Williams, E., and Christie, B. 1976. The social psychology of telecommunications. London,
England: John Wiley.

16 Thirty Third International Conference on Information Systems, Orlando 2012



Loock et al. / Reference group effects in social normative feedback

Siero, F., Bakker, A.B., Dekker, G.B., and van den Burg, M.T.C. 1996. “Changing organizational energy
consumption behavior through comparative feedback,” Journal of Environmental Psychology (16),
pp. 235-46.

Simon, H. A. 1955. “A Behavioral Model of Rational Choice,” Quarterly Journal of Economics (69:1), pp.
99-118.

Steg, L. 2008. “Promoting household energy conservation,” Energy Policy (36:12), pp. 4449-4453.

Steg, L., and Vlek, C. 2009. “Encouraging pro-environmental behaviour: An integrative review and
research agenda,” Journal of Environmental Psychology (29:3), pp. 309-317.

Suls, J., Martin, R., and Wheeler, L. 2002. “Social Comparison: Why, With Whom, and With What
Effect?,” Current Directions in Psychological Science (11 :5), pp. 159-163.

Tajfel, H., and Turner, J. C. 1986. The social identity theory of intergroup behavior. In S. Worchel and W.
G. Austin (eds.), Psychology of Intergroup Relations (2nd ed), Chicago, IL: nelson-Hall, pp. 7-24.

Thambusamy, R., and Salam, A.F. 2010. “Corporate Ecological Responsiveness, environmental
ambidexterity and IT-enabled environmental sustainability strategy,” in Proceedings of
International Conference on Information Systems, R. Sabherwal, and M.Sumner (eds.), St. Louis,
MO, pp. 1-11.

Van Dam, S.S., Bakker, C.A., and van Hal, J.D.M. 2010 “Home Energy Monitors: Impact Over the
Medium-Term,” Building Research & Information (38:5), pp. 458-469.

Van Houwelingen, J. H., and van Raij, W. F. 1989. "The Effect of Goal-Setting and Daily Electronic
Feedback on In-Home Energy Use," Journal of Consumer Research (16:1), pp. 98-105.

Watson, R.T., Boudreau, M.-C., Chen, A., and Huber, M. H. 2008. “Green IS: Building Sustainable
Business Practices,” in Information Systems, R.T. Watson (ed.), Athens, GA: Global Text Project,
pp. 1-17.

Zhang, H., Liu, L., and Li, T. 2011. ,Designing IT systems according to environmental settings: A strategic
analysis framework,” The Journal of Strategic Information Systems (20:1), pp. 80-95.

Thirty Third International Conference on Information Systems, Orlando 2012 17



